This paper asks where do the world's multidimensionally poor people live? The paper considers how the global distribution of multidimensional poverty differs from the global distribution of income poverty and assesses the sensitivity of findings to widely used (although somewhat arbitrary) country classifications. Surprisingly perhaps, only a quarter of multidimensionally poor people and just one-third of severely multidimensionally poor people live in the world's poorest countries -meaning Low Income Countries (LICs) or Least Developed Countries (LDCs). The sensitivity of findings about country thresholds for low and middle-income countries is discussed. The paper argues that there is a split of distribution poverty between both stable Middle-Income Countries (MICs) and low-income fragile states and that there is a 'multidimensional bottom billion' living in stable MICs.
Introduction
A series of papers since late 2010 have discussed a shift in the location (or 'geography') of global poverty: The majority of the world's poor, by both income and multidimensional poverty measures, live in countries officially classified by the World Bank as middle-income countries (MICs) (Sabina Chandy & Gertz, 2011; Glasman, Duran, & Sumner, 2011; Kanbur & Sumner, 2011; A Sumner, 2010; A. Sumner, 2012a) .
Such patterns matter beyond the (somewhat) arbitrary country income thresholds because higher levels of average per capita income imply substantially more domestic resources available for poverty reduction, and the international aid system treats countries differently at higher levels of average per capita income. Countries' analytical classifications are widely used -in multiple and complex ways -by aid agencies so there is a potential disconnect between aid allocation and the mass of the world's poor. Furthermore, one could note that many middle-income countries have substantial untaxed capital flight -meaning the untaxed and accumulated private wealth held overseas may be substantial and the opportunity cost may be mass poverty (see the discussion in Henry, 2012) .
Two perspectives are plausible (and not necessarily mutually exclusive). First, the country analytical categories are moribund. Second, severe poverty (of whatever kind) is becoming less about a lack of resources and increasingly about national inequality, growth patterns, and voice/governance especially with reference to public finances.
In light of such debates, this paper thus does the following: (i) It updates the global distribution of multidimensional poverty; (ii) it assesses how the global distribution of poverty differs by income and multidimensional poverty; and (iii) it assesses the sensitivity of findings to the (widely used) country classifications.
The paper intends to complement new estimates of the global distribution of income/expenditure poverty based on the 2012 World Bank Povcal dataset (Chen & Ravallion, 2012; A. Sumner, 2012a A. Sumner, , 2012b ) with a new dataset that contains the current estimate of the global distribution of world poverty using multidimensional poverty based on the Multidimensional Poverty Index (see Sabina Alkire, Roche, & Seth, 2011) .
The paper is structured as follows. Section 2 outlines the Multidimensional Poverty Index (MPI) and our methodology. Section 3 presents data on the distribution of MPI poverty across countries and Section 4 compares MPI poverty with income poverty. Section 5 discusses the sensitivity of the global distribution of poverty to various country income thresholds. Section 6 concludes.
Multidimensional Poverty Measures
The Multidimensional Poverty Index is a measure of acute global poverty developed by the Oxford Poverty and Human Development Initiative (OPHI) with the United Nations Development Programme's Human Development Report Office (see for details, Sabina Alkire, Roche, Santos, & Seth, 2011; Sabina Alkire & Santos, 2010; UNDP, 2010b) . The measure follows the form of the adjusted headcount ratio, which is the simplest measure within the family of poverty measures developed by Alkire and Foster (2007, 2011a) . The methodology begins at the level of the person or household, identifies the set of indicators in which they are deprived at the same time, and summarizes their poverty profile in a weighted deprivation score. If their deprivation score exceeds the poverty cutoff, they are identified as multidimensionally poor. The number of poor people and their deprivation score -which shows the 'intensity' of poverty they www.ophi.org.uk experience -becomes part of the final adjusted headcount ratio. The formal mathematical explanation of the methodology is presented in detail in the methodological annex. The MPI, like any poverty measure, is not without its critics, but has been subject to numerous robustness tests (see discussion in the June and September issues of the Journal of Economic Inequality 2011, as well as S. Alkire, 2011; Sabina Alkire & Foster, 2011b; Sabina Alkire, Foster, & Santos, 2011) .
The Multidimensional Poverty Index methodology
The global MPI 2011 assesses multidimensional poverty for people in 109 developing countries for which data are available. As summarized in Table 1 , the MPI uses information from ten indicators which are organised into three dimensions: health, education, and living standards, following the same three dimensions as the Human Development Index (HDI). Each individual is identified as deprived in each dimension based on a deprivation cutoff (see Table 1 ). So for example, a person is deprived of improved drinking water if the household does not have access to safe drinking water according to the Millennium Development Goals (MDGs) guidelines or safe drinking water is more than a 30-minute walk from home, round trip. Having constructed a deprivation profile, each person's deprivation score is constructed based on a weighted average of the deprivations they experience. The weights follow a nested weight structure: equal weight across each of the three dimensions and equal weight on each indicator within a dimension. Finally a poverty cutoff is used to identify the subgroup of population who are poor because their deprivation score exceeds this threshold. The 2011 and 2013 Human Development Reports (HDR) actually apply different cutoffs to distinguish the MPI 'poor' and the MPI 'severe poor' (UNDP 2011) . The MPI poor refer to people who are in acute poverty and are deprived in at least one-third (33%) of the weighted dimensions listed above. A subset of the MPI poor are identified as experiencing severe poverty because they are deprived in at least one-half (50%) of the weighted indicators at the same time. 1 Finally, the aggregation step results in one measure composed of two partial indices. The first partial index is the headcount ratio (H) which indicates the percentage of people who have been identified as poor. The second, named intensity of deprivation among the poor (A), indicates the average percentage of deprivations experienced by the poor. The Multidimensional Poverty Index follows the adjusted headcount ratio of the Sabina Alkire and Foster (2007, 2011a) measures which can be expressed as the product of the headcount ratio and the intensity of deprivation among the poor (M 0 = H * A). The MPI ranges from 0 to 1 and expresses poverty in terms of the share of deprivations experienced by the poor in comparison to the total potential deprivations (if all people were deprived in all indicators at the same time). For example, an M 0 of 0.300 conveys that the multidimensionally poor in this society experience 30% of the total possible deprivations. It could be because 60% of people were on average deprived in 50% of the deprivations (.6 x .5 = .3), for example. In this paper we present the results for those identified as MPI poor (poverty cutoff: 33%) and MPI severe poor (50%).
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The MPI is updated in each Human Development Report as new data become available. It complements the $1.25/day and $2/day poverty figures presented in the World Bank Povcal dataset (see Chen & Ravallion, 2008 . It adds value in the sense that it measures deprivations directly in ten non-monetary indicators that are associated with non-income outcomes of development such as avoiding malnourishment or child mortality, being educated, www.ophi.org.uk or access to adequate water or sanitation. The final measure reflects multiple deprivations faced at the same time, and so it is sensitive to the intensity of deprivation among the poor. Because the measure is direct, it does not require additional adjustments for rural-urban prices, inflation, imputation, or PPPs (see S. Alkire, 2011; Sabina Alkire, Foster, et al., 2011) . It can be decomposed easily by region or group. 
Subset of countries in our analysis
The analysis in this paper is based on MPI figures published in 2011 (Sabina Alkire, Roche, Santos, et al., 2011; UNDP, 2011) . While MPI estimates are available for a total of 109 countries, we limit our analysis in this paper to 83 countries. This subset of countries has relatively recent MPI poverty estimates and represents a good coverage of population from LICs and MICs. First, we drop the eight high-income countries included in the list of 109 countries, so the final set of countries are only LICs and MICs. 3 Second, we drop countries where the MPI estimations are older than 2005. The one exception is China, which we keep due to its global significance, although the data for China is for 2002. 4 Hence an additional 18 LICs and MICs countries were also excluded because the MPI estimates were older than 2005: Angola, Cameroon, Central African Republic, Chad, Comoros, Ecuador, Gabon, Guatemala, Latvia, Malawi, Myanmar, Paraguay, Russian Federation, Sri Lanka, Tunisia, Turkey, Uruguay, and Viet Nam. It is important to note that none of these countries have sufficient multidimensional poverty to impact the overall poverty picture.
www.ophi.org.uk Data and reference date: The reference year for the MPI estimates of each country is based on the date of fieldwork used for the household survey's computation. Survey data for the 83 countries included in our analysis comes from 49 Demographic and Health Surveys (DHS), 27 MultiIndicator Cluster Surveys (MICS), and 1 World Health Survey (WHS) (China). Additionally, these are supplemented by six special surveys covering urban Argentina (ENNyS), Brazil (PNDS), Mexico (ENSANUT), Morocco (ENNVM), Occupied Palestinian Territory (PAPFAM), and South Africa (NIDS).
How good is the coverage of our analysis? The subgroup of 83 countries used in the analysis in this paper represents 70.9% of the world's population and 84.8% of the population in LICs and MICs (see Table A1 in the appendix). Coverage among the 45 Fragile States (identified using the current OECD 'non-official' list) and LDCs is very high, with over 78% of the population living in Fragile States or LDCs. Where indicated, we undertake robustness tests with the 101 LICs and MICs for which MPI estimates are available and compare these with results from our 83 countries.
Caveat regarding China: Due to its global significance we included China, although data pre-dates 2005. Table A1 in the appendix shows in detail the coverage of our analysis with and without China. Because of its size, if we exclude China the world coverage is reduced to 51.1% overall and 61.2% of those living in LICs and MICs -the reduction occurs among the upper middle income countries (UMICs) where China is located. Therefore, during the analysis we should take into account that data for China is for 2002 and that it overlooks the poverty reduction experienced in the recent years.
5 It is also important to note that the household survey used for China is not nationally representative as it only covers nine provinces and it lacks information on children's school attendance (see discussion in: Sabina Alkire & Santos, 2010 ).
In conclusion, our analysis is based on a subset of 83 countries which all have recent MPI estimates (2005 onwards) -with the one exception of China (2002) -and that together have a high coverage of the world population living in developing countries, or more precisely LICs and MICs.
Country categories and population data
The Income Categories we use in this paper correspond to the World Bank income categories from the financial year 2012. These are based on the Gross National Incomes from 2010 using the Atlas Method. 6 The Fragile States classification corresponds to the non-official OECD list for 2011 (OECD, 2011 In terms of population figures, because the MPI is drawn from different survey years in order to provide an absolute number of poor and population, it is possible to follow different approaches.
Here we use population data for a fixed year (2008) as it corresponds to an intermediate year in the series of countries considered. So, for example, Colombia's headcount ratio is multiplied by the Colombia's population for this fixed year. In using a headcount that is older than (or more recent than) the reference year of the survey, the assumption being made is that the level of poverty in the year of the survey and the year of population are the same. This approach allows us to aggregate across countries to develop regional ranks, to analyse country groupings such as low income countries, and even to aggregate across regions. For example, using this approach we can generate the figure that 33% of the inhabitants in the 83 countries are MPI poor.
In what follows we make the assumption of no change in poverty rates since the survey, which, if MPI has been reduced, will correspond to an over-estimation of MPI in countries with the oldest data (presuming the poverty has declined) and a potential underestimation in countries with data later than the population year. While 2008 population data was used for the analyses, robustness tests were conducted with 2010 population data and with population data from the year the survey was implemented. Population figures are taken from UNDESA World Population Prospects 2010 (United Nations, 2011).
As many of our results rely upon the population aggregation techniques used, it is worth discussing our methodology further. Given available data, there would be three other methods of proceeding. (i) In the first method, population data could correspond to the year of the survey. This is the approach that was used in the 2011 Human Development Report in 
Where Do the Multidimensionally Poor Live?
First we present an overview of the MPI poverty level among the 83 countries and across country analytical categories (low and middle income country classifications). Figure 1 plots the incidence of MPI poverty versus the intensity of poverty among the poor for each of the 83 countries considered in the analysis. As highlighted elsewhere (Sabina Alkire & Santos, 2010) , there is an association between the incidence of poverty and the intensity of poverty among the poor. However, some countries with relatively equal incidences of poverty have different intensities of poverty as in the case of Bangladesh and Nigeria.
What is perhaps surprising is that countries which fall in the same country analytical category by income can have quite different poverty levels. Among upper middle income countries (UMICs) the percentage of poverty ranges from almost 0% in Belarus to 39.6% in Namibia and among lower middle income countries (LMICs) the percentage of MPI poor ranges from 0.8% in Georgia to 68.1% in Timor-Leste. In contrast, among low income countries (LICs), MPI ranges from 4.9% in Kyrgyzstan to 92.4% in Niger. In the figure below, the size of the bubble represents the total absolute number of MPI poor people (which is a function of the country population and the incidence of MPI poverty). India has the largest bubble size as it has a large population and a high percentage of the Indian population are MPI poor. China has a considerably smaller bubble because the percentage of Chinese population that are MPI poor is much lower. Other countries with high absolute numbers of MPI poor are the low income countries of Ethiopia, DR Congo, Bangladesh and the middle income countries of Nigeria, Pakistan, and Indonesia.
Next, we can note four characteristics of the global distribution of poverty. First, the MPI poor and severe MPI poor are both heavily concentrated in a relatively small number of 10-20 populous countries (see Table 2 ). Over 80% of the MPI poor and MPI severe poor live in ten countries and over 90% of the MPI poor and MPI severe poor live in just 20 countries. Indeed, 40% of the MPI poor and of the MPI severe poor live in India. Five of the top ten countries in terms of numbers of MPI poor and seven of the top 20 countries are countries that have recently 'graduated' from low income to middle income country status.
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Further analysis of the top 20 countries by MPI poor (see Table A2 in the appendix) shows that MPI poverty rates range from 50% to 90% in those countries with the exception of China, the Philippines, and Indonesia. One could also note some surprising levels of MPI severe poverty in a number of MICs -typically up to a quarter or a third of the population live in severe MPI poverty in MICs such as India (28.6% MPI severe poor), Nigeria (33.9%), Pakistan (27.4%), Cote d'Ivoire (39.3%), and Yemen (31.9%). Rates of severe multidimensional poverty are, however, higher in low income countries, with the highest rates in Ethiopia (72%) and Niger (82%) (see Table A2 in the appendix).
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Regional analysis and analysis by income categories shows that over half of the multidimensionally poor live in South Asia and over a quarter live in Sub-Saharan Africa (see Table 3 ). When we look at the subset of people who experience severe MPI poverty, over half are in South Asia and the proportion rises to just over one-third in Africa. East Asia and the Pacific account for 15% of MPI poor and 11% of severe poor. However, these findings on the MPI poor by region must be noted with a caveat on the Chinese data (noted earlier).
In terms of country income categories, close to three-quarters of the MPI poor and over twothirds of the total severe MPI poor live in MICs (see Table 3 ). Analysis of global poverty with and without India and China shows that when India is removed (thus removing approximately 640m MPI poor and 340m MPI severe poor) from the LMICs and China is removed from the UMICs group, the MPI poor split somewhat more equally between LICs and MICs by both MPI poor and MPI severe poor:
The MPI poor are divided between: LICs (423m), India (640m), China (166m), LMICs minus India (302m) and UMICs minus China (28m)
The MPI severe poverty are divided between: LICs (268m), India (341m), China (60m), LMICs minus India (157m) and UMICs minor China (4.4m)
Estimates of MPI poor in the categories of fragile states (here the 'non-official' OECD group of 45 countries) and the UN least developed countries (49 countries) show that the group of LDCs account for about a quarter of the MPI poor (433m) or a third (279m) of MPI severe poor (see Table 3 ). The group of fragile states (OECD 'non-official' list) account for a third of MPI poor (525m) or almost two-fifths of MPI severe poor (320m). Underlying this is a considerable geographic concentration: most of the fragile states' MPI poor live in just five fragile states which are a mix of low and middle income countries: Nigeria (MIC), DRC (LIC), Bangladesh (LIC), Pakistan (MIC) and Kenya (LIC) (see Table 4 ).
Analysis of combinations of LIC/MIC and fragile/stable show that 81.5% of MPI poor people live either in low income fragile states or in stable MICs (see Table 5 ). Furthermore, of the poor in LICs almost 80% are in fragile LICs whereas only a fifth of the poor in LMICs are in fragile LMICs (and the same is true for severe MPI poor). It is also notable that of the poor in SubSaharan Africa, more than 70% live in fragile states. One in five of MPI poor people live in a fragile LIC (330m) and 60% in a stable MIC (940m). And one in four of the severe MPI poor live in a fragile LIC (206m) and more than half of the severe poor in a stable MIC (448m) (see Table  5 ).
10 Note that all figures in Table 3 correspond to the subset of 83 countries analysed in this paper. If the analysis is performed based on the full set of 109 countries for which MPI data is available the distribution of world's poverty would change only slightly. Out of the 1.65bn total MPI poor in the 109 set of countries, 50% live in South Asia, 29% in Sub-Saharan Africa, and 16% in South East Asia; and with respect to income categories the distribution is 72% in MICs and 28% in LICs. www.ophi.org.uk • A total of 12 countries have older data than 2005 for $1.25/$2 poverty estimates.
• Only 29 countries have data for the exact same year available for MPI and $1.25/$2 poverty.
• A total of 65 countries (including the 29 mentioned above) have data for MPI and $1.25/$2 poverty estimates that are within three years (plus or minus) of each other.
• Of the remaining, two countries have data that are more than three years older in MPI than $1.25/$2 (China and India).
• Ten countries have data that are more than three years older in $1.25/$2 than MPI.
• Six countries do not have $1.25/$2 estimations but do have MPI estimates (in MPI these are: Maldives, Mongolia, Somalia, Uzbekistan, Vanuatu, Zimbabwe).
In what follows, in order to check robustness, we present the distribution of poverty by $1.25/$2 using two sets of measures: the 'closest' $1.25/$2 poverty figures to the MPI year and the 'latest' $1.25/$2 poverty figures available. As mentioned above we choose not to undertake interpolations/extrapolations in MPI figures. It may seem questionable that we ignore the interpolation/extrapolation of income poverty measures. We do so because we want to treat both datasets the same -if we do not interpolate/extrapolate MPI data, it follows that we treat income poverty data the same. Of course not everyone will agree with this approach.
The differences between the headcount ratio in MPI poverty and $1.25/$2 a day poverty are as follows. For this we shall restrict the exercise to only those countries for which MPI and income poverty figures are no more than three years apart (a total of 65 countries, see Figure 2 ). While generally among these countries $2 poverty is higher than MPI poverty and $1.25 poverty is higher than severe poverty, there are also some cases where the reverse is true. There is, of course, a level of association between the aggregate incidence of multidimensional and monetary www.ophi.org.uk poverty, but they do not always go hand by hand (see Table A4 in the appendix). 12 If we look at the rank correlation between both measures, we find that the ranking with MPI and $1.25 results in 86% of concordant pairs. 13 However, the association is lower among LICs where the concordance is reduced to 68% of the pairs, and among LDCs and Fragile States with 70% and 78%, respectively (see detail of Kendall Tau-b correlation in Table A4 in the appendix). When the differences are more prominent, one can expect each measure may be telling different stories.
14 This is common in standard comparisons between economic and social indicators. For example, Bourguignon et al. (2008) and Ranis and Stewart (2012) show how performance in economic dimensions of poverty may not go hand in hand with progress in social dimensions. The extent to which economic growth or an increase in income per capita is associated with improvements in social indicators depends on various factors, including investment in public goods such as infrastructure, education, health, or access to improved sanitation and water; the quality of social protection and safety net programs; the quality of governance; and how much aid is delivered and how it well is used (see Bourguignon et al. 2008) . The comparison in the distribution of global poverty with MPI and $1.25/$2 poverty confirms the thesis that the world's poor are concentrated in MICs as opposed to LICs is indeed robust to the type of measure that is used (see Table 6 ). However, a key difference is that the concentration of the world's poor in MICs is relatively higher when we look at monetary measures instead of multidimensional measures. While three-quarters of the MPI poor and two-thirds of the severe MPI poor live in MICs, around four-fifth of the $1.25 a day poor and about three-quarters of the $2 a day poor live in MICs (figures vary slightly depending on 'closest' and 'latest' estimates).
Another key difference is that the MPI poor and severe poor concentrate relatively more in SubSaharan Africa and South Asia while $1.25/$2 poverty concentrates more in East Asia and the Pacific (see Table 6 ). In order to assess the robustness of this conclusion with respect to the year of the MPI estimates for China and India, we undertake a careful analysis of the 'closest' and 'latest' income figures. Table 6 shows that, by shifting from 'closest' to 'latest' income figures, the contribution of East Asia and the Pacific falls from 31% to 21% in $1.25 a day, and increases in South Asia from 41% to 44% in $2 a day. We see that 53% of MPI poor live in South Asia while 15% live in East Asia and Pacific. Based on either figure, the percentage of MPI poor people is relatively higher in South Asia than $1.25 a day and relatively lower in East Asia and Pacific. This is an interesting finding which makes us wonder what the distribution would be with more recent MPI data for China and India.
Finally, Table 6 also shows that there is a higher concentration of multidimensionally poor in LDCs and Fragile States than income poor. Figures with and without India and China vary which may be affected by differences in the years of reference for each measure.
In summary, these figures show that the thesis that poverty is increasingly concentrated in MICs is robust to the type of poverty measure used. However, the distribution is slightly different with a greater concentration in MICs and in the East Asia and Pacific (EAP) region (noting the earlier caveat on China given), when we look at monetary measures, while the multidimensionally poor are relatively more concentrated in LICs, LDCs, Fragile States and in two worlds regions: SubSaharan Africa and South Asia.
It is worth highlighting that the distribution of poverty is a function of the incidence of poverty and the population size in each country. Hence, populous countries and highly poor countries contribute more. Therefore, the match between the world's distribution according to MPI and world's distribution according to $1.25 a day is the result of both: a degree of association between multidimensional and income poverty (which is expected) and the population factor.
How Sensitive is the Distribution of Global Multidimensional Poverty to the Various Country Thresholds?
How sensitive is the concentration of MPI poor and MPI severe poor in MICs to the LIC/MIC country income category thresholds? We again compare the headcount ratio of MPI poor with $2 poverty and MPI severe poor with $1.25 poverty. Figures 3 through 6 explore these matters using a density curve. If we consider the sensitivity by taking the GNI per capita (Atlas method), which is the basis of the country thresholds, we find that, by either MPI or MPI severe poor, the poor are not clustered near the thresholds for LIC/LMIC (Figures 3 and 4) . 15 We also observe that there is greater concentration of MPI poor and severe MPI poor in LICs than there is when assessing poverty by $2 or $1.25. The latest available data for income poverty concentrates more in LICs than the closest available data for income poverty suggesting that the concentration is changing overtime (ceteris paribus the country category and population). An alternative approach is to consider the distribution of MPI poor and severe poor by GDP PPP per capita and multiples of the income poverty line to average income in order to assess in which countries the MPI poor and MPI severe poor live in (Figure 5 ). This is based on the logic that if average income is below $1.25 or $2 per capita, then a country is either an extremely poor country (average income below $1.25 per capita) or a poor country (average income below $2 per capita). What these figures show is that the distribution of poverty between MICs and LICs is robust to the income category thresholds.
One might still wonder if the size of India and China might be driving the conclusions. A further analysis can be made which considers the sensitivity of including India or China in the distribution of MPI poor by country categories. Figure 6 shows the cumulative distribution which starts from zero every time it passes the county income threshold while together still adding to 100%. The solid line shows the distribution of MPI poor with all countries included. The way to read this figure is to observe where the line crossed the income threshold and so the per cent of the cumulative at that point for each income category. So in the case of the solid dark line (MPI with all countries), LICs have together nearly 27% of the cumulative MPI poor while the LMICs have nearly 60% of the cumulative MPI poor as we noted in the previous section (see Table 3 ). Being a populous country, we might wonder how much the scenario changes if we do not include China. The dotted line shows this scenario, where the cumulative distribution is computed without including China. In this case, the LMICs are just below 70% and LICs are almost 30%. Dropping China has only a small effect by reducing the contribution of UMICs (see figures in Table 3 ). If we drop India only (leaving China in), we get a slightly different scenario (dashed line). Dropping India means reducing the denominator (total of global poor) so LICs represent now close to 45% of the global poor without India, and MICs are now reduced to slightly over 30%. What we see is that excluding India makes a difference, but there is still quite a significant proportion of poor in other LMICs. Finally if we drop both India and China we get the joint effect represented by the dash-dotted line. In this scenario the distribution of poverty is slightly different, with around 55% in LICs and around 40% in LMICs. In conclusion, there are still a significant number of poor people living in MICs even when one excludes India and China.
These findings raise issues for further research. They appear to suggest that upper middle income countries normally largely eradicate acute multidimensional poverty as measured by MPI. However from the country data presented in Figure 1 , we know that rates of poverty in UMICs can approach 40% and that poverty rates in LICs can be as low as 5%.
In sum, we can conclude that (i) poverty does concentrate in MICs -this is robust to the poverty measure we use and to the income threshold; (ii) India is a large proportion but even if we exclude it the conclusion holds; and (iii) China has a very small contribution in either case.
www.ophi.org.uk 
Conclusions
Since late 2010 a set of papers have outlined a 'new geography of poverty' -meaning the shifting 'location' of poverty away from low-income countries or the Least Developed Countries. Indeed, three-quarters of the world's poor -around a billion people -live in middle income countries.
This paper has updated the global distribution of poverty using multidimensional measures and compared distribution based on MPI poor and MPI severe poor with those made with $1.25 and $2 poverty.
Why look at multidimensional poverty with reference to the distribution of global poverty? To see if it presents a similar or different picture to income poverty, to see where the poor live, and to assess the nature of the shift in global poverty.
What did we conclude? This paper found that three-quarters of the world's MPI poor and twothirds of the world's severe MPI poor live in middle income countries -at total of one billion MPI poor in stable MICs. Further, there is a three-way split of the world's poor between (i) stable MICs; (ii) India and China; and (iii) low income fragile states.
At the outset we noted that the shift in global poverty could be interpreted in two ways that are not necessarily mutually exclusive. The first is that the country analytical categories are moribund. The second is that, over time, extreme poverty is becoming less about a lack of resources and increasingly about national inequality, growth patterns, and voice/governance -especially related to public finances.
Our findings suggest that an alternative to the categorisation of countries by LICs and MICs that is worth exploring might be a categorisation by the level of intensity of multidimensional poverty, because the country analytical categories are disconnected from the geographic location of poverty. Countries do not, of course, suddenly change when they cross arbitrary thresholds, be these thresholds of income per capita or structural characteristics. However, aid agencies do treat countries differently if they are middle income.
Further, that poverty in (some) MICs may no longer be about a lack of resources but about issues of politics/distribution/allocation of public finances. Thus, the changing pattern of global poverty raises various questions that are about whether 'global poverty' requires reframing now or in the next decade as a national distribution issue in a world of fewer and fewer aid-dependent countries and/or whether the dominant analytical country categories are outdated.
What next? First, we can say the country categories of LICs and MICs are no longer a clear guide to where the poor live. However, the picture of poverty in MICs is not sensitive to the current thresholds -such thresholds could be drastically increased and the poor would still live in middle income countries. This would suggest that an alternative to the categorisation of countries by LICs and MICs worth exploring might be a categorisation by the level or intensity of multidimensional poverty.
Second, in terms of future research, a hypotheses worth pursuing is one that posits that the nature of the global poverty 'problem' is changing to one of 'poverty pockets' by which we mean LICs within MICs, fragility within stable countries, and most importantly poverty within prosperity.
In order to explore this further three questions pose themselves: (i) Who are the poorest people?
The multidimensional bottom billion can be further investigated in subnational MPI analysis or Annex 1: Data Tables (Alkire, Roche, Santos, et al., 2011; UNDP, 2011) Sources: Author calculations based on MPI figures published in 2011 (Alkire, Roche, Santos, et al., 2011; UNDP, 2011) Alkire and Foster 2007, 2011a , to which the readers are referred.
The Adjusted Headcount (M 0 )
Deprivation Matrix: Consider a matrix of deprivations presented in Alkire and Foster 2011, such that when the vector of deprivation cutoffs is applied to the achievement matrix, we express the data in terms of binary deprivations. For any given y, let g 0 =[ ] denote the matrix of deprivations associated with y, whose typical element is defined by =w j when y ij <z j , while =0 otherwise. Clearly, g 0 is an n×d matrix whose ij th entry is w j when person i is deprived in the j th dimension, and 0 when the person is not. The i th row vector of g 0 , denoted , is person i's deprivation vector. From the matrix g 0 we construct a column vector c of weighted deprivation counts, whose i th entry c i =| | represents the sum of the weights for the dimensions in which i is deprived.
Identification: A second cutoff k is used to identify the poor. For 0<k≤d, let ρ k be the identification method defined by ρ k (y i ;z)=1 whenever c i >k, and ρ k (y i ;z)=0 whenever c i <k. In other words, ρ k identifies person i as poor when the count c i is at least k; if not, i is not poor according to ρ k . For k≤(min w j ), we obtain the union identification case, and for k=d, the intersection; thus ρ k includes both of these methods given any w.
Censoring: Let g 0 (k) be the matrix obtained from g 0 by replacing its i th row with a vector of zeros whenever ρ k (y i ;z)=0, so that (k) = ρ k (y i ;z). As the cutoff k rises from its lowest value to d, the number of nonzero entries in the associated matrix g 0 (k) falls, reflecting the progressive censoring of data from persons who are not meeting the dimensional poverty requirement presented by ρ k . Similarly, define the censored vector of deprivation counts c(k) by c i (k)=ρ k (y i ;z)c i for i=1,…,n.
Aggregation:
The adjusted headcount ratio is the mean of the censored deprivation matrix: M 0 =µ(g 0 (k)). M 0 can also be expressed as the product of two intuitive partial indices: the headcount ratio and the average deprivation share across the poor. The headcount ratio H=H(y;z) is defined by H=q/n, where q=q(y;z)= is number of persons in the set Z k , and hence the number of the people identified as poor. The average deprivation share across the poor is given by A=|c(k)|/(qd), and reflects the intensity of poverty, or the percentage of deprivations the average poor person experiences. We can equivalently express the adjusted headcount ratio as: M 0 =HA=µ(g 0 (k)). Children are considered malnourished if their z-score of weight-for-age is below minus two standard deviations from the median of the reference population. ** A household is considered to have access to improved sanitation if it has some type of flush toilet or latrine, or ventilated improved pit or composting toilet, provided that it is not shared. ***
